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Fig.7 Distribution map of averages of obtained
lookahead steps: (a) under sensory-motor con-
straints, (b) under external constraints.
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Fig.8 Changes in lookahead steps (average values per 20 episodes).
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Fig.9 Comparison of performance with adaptive k
(proposed method) and fixed ks.
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Fig.11 Behavior of tracking. Upper: under loose
constraints (1-step lookahead), lower: under
severe constraints (2-step lookahead).
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Fig.12 Changes in lookahead steps according to the
shift in the target trajectory.
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head 13, Q “#&D¥BREMAKAEZE OH 1 X235t
L CHRBBI B TR T 5 & & &R L 7= [25).

HIEi S COEBRTERIN-ERI, 4122
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B, =7y FABEFVOKED ) 2538 o e
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FA=5 E9BH 2RIC gridworld FIEE L %ffi & % b,
MERI RIS 2 RTEA AR TARTEE 2 D, BT
W, REBETERERM L E1, 150 2 @8, $7-
&1, 5, 10, 15D 4 flHEHL L, v = 150 mm/step,
d=450mm, c¢ = 300mm CTREEL L7, BRI K
2k &K OWFEA 200 LEY— FiiboT—%E
WCHRIWTFEBEET & LT,

FRETEITILRR LAY Y — FEO 10 BoR
TTOFHEE 3 IIRT. FEIMI L 5 IZHEN,
FED BB DRT 2 2 L AP DS NI, $ 7o,
ﬁﬁﬁﬁ®¥?ﬁﬁL@&ké“%%,%mmlE

#3 FRETETOTEY — M B “(4x3) x (2x3)”
iE, kA4 KR8, 34TH), k' 2% 2 IKEE, 3 4TE)C
HolZ EERT

Table 3 The number of episodes spent for learning.

The expression “(4x 3) x (2x 3)” means that
k has four states and three actions, and k’
has two states and three actions.

WETAFIv s A% [ REET episode £
1 (k ®&. control) 4x3=12 1,432
2 (k RO k) (4x3)x(2x3)="72 2,616
2 (k RO K) (4 x3) x (4x3) =144 4,148
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